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ABSTRACT 
 
This paper presents a comprehensive survey and review of financial prompt patterns, exploring 

the innovative integration of ChatGPT in finance-related tasks. With the rapid evolution of AI 

and its increasing application in various sectors, the finance industry stands at the forefront of 

this technological revolution. Our research delves into the myriad ways in which prompt 

engineering with ChatGPT can enhance financial analyses, risk assessment, investment strategy 

formulation, and customer service in the finance sector. We systematically categorize and 

evaluate a wide array of prompt patterns, drawing insights from real-world applications and 

theoretical frameworks. This survey not only identifies the current state of prompt engineering in 

finance but also forecasts future trends, challenges, and opportunities. By providing a detailed 

examination of various prompt designs and their outcomes, this paper aims to serve as a 

foundational guide for practitioners and researchers seeking to leverage ChatGPT's 
capabilities for optimized financial decision-making and innovation. The findings underscore 

the transformative potential of tailored prompts in elevating the accuracy, efficiency, and scope 

of financial services and strategies. 
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1. INTRODUCTION 
 

The emergence and development of Large Language Models, such as ChatGPT, have 

revolutionized the field of artificial intelligence (AI) and natural language processing (NLP). These 
models, evolving from foundational concepts in machine learning and linguistic analysis, have 

demonstrated exceptional proficiency in understanding and generating human-like language [12]. 

Their construction involves training on extensive datasets, encompassing a diverse range of 

linguistic inputs, which empowers these models to process information, contextualize inquiries,  
and produce responses that closely mimic human dialogue [13][14]. The evolution of LLMs has 

been characterized by increasing sophistication in algorithmic design, enabling them to interpret 

complex language constructs, detect nuances, and respond in ways that were previously the domain 
of human cognition [1][2]. 

 

In AI and language modeling, design patterns represent systematic approaches to address recurring 
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challenges in model deployment and functionality. These patterns act as strategic frameworks, 
guiding developers in the application of AI models to various scenarios, ranging from routine 

computational tasks to intricate problem-solving situations [3]. Specifically, in language models, 

these design patterns play a pivotal role in optimizing critical aspects like processing efficiency, 

response accuracy, and adaptability to diverse situational contexts. They also aid in mitigating 
common pitfalls associated with AI modeling, such as bias, overfitting, and underperformance in 

unpredictable scenarios. Thus, design patterns in AI not only streamline the development process 

but also elevate the quality and reliability of AI applications across sectors [15]. 
 

The concept of prompt patterns in LLMs is integral to harnessing their capabilities for specific 

applications, especially in specialized fields like finance. These patterns are carefully crafted 
inputs that guide the model’s response generation, ensuring relevance and accuracy in output [4][5]. 

In finance, where the data is often complex, rapidly changing, and regulated, the role of prompt 

patterns becomes even more critical. They must be designed to accurately reflect the nuances of 

financial terminology, market dynamics, and regulatory frameworks. Effective prompt 
engineering in this context involves not only the creation of clear, direct prompts but also prompts 

that are nuanced and flexible enough to adapt to the evolving landscape of financial information. 

The crafting of these prompts requires a deep understanding of both the language model's 
capabilities and the specific demands of financial tasks. 

 

This paper delves into the intersection of these advanced technologies - LLMs, AI design patterns, 
and financial prompt patterns [6]. Our focus is to provide a thorough exploration of how these 

elements can be synergistically utilized to bring about transformative changes in finance-related 

tasks and decision-making processes. We examine the complexities involved in designing 

effective prompts tailored for financial applications, their impact on the performance and utility of 
language models, and the prospective trajectories this technology might take in the foreseeable 

future. By offering a detailed analysis of the interaction between these domains, we aim to shed 

light on the potential of AI and LLMs in redefining the landscape of financial services and 
strategies. 

 

2. METHODOLOGY 
 

This section outlines the methodology employed in developing the prompt patterns for finance 
tasks using ChatGPT. It describes the systematic approach taken to identify, design, and categorize 

the patterns, ensuring their relevance and effectiveness in financial applications. 

 

1) Identification of Financial Tasks and Challenges 
 
The first step involves identifying key tasks and challenges in the finance sector where ChatGPT 

can be effectively utilized. This includes an analysis of common financial operations, decision- 

making processes, and areas where AI intervention could provide significant value. 

 

2) Analysis of ChatGPT's Capabilities 
 
A thorough examination of ChatGPT's capabilities, limitations, and suitability for various financial 

tasks is conducted. This analysis helps in aligning the model's strengths with the specific needs of 

financial applications 
 

3) Design Principles for Prompt Patterns 

 
Establishing a set of design principles guides the creation of effective and efficient prompt patterns. 
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These principles include clarity, context relevance, adaptability, and alignment with financial 
terminology and concepts. 
 

4) Development of Prompt Patterns 

 
Based on the identified tasks and design principles, prompt patterns are developed. Each pattern 

is designed to address specific financial tasks, ensuring they are practical, actionable, and capable 
of eliciting the desired responses from ChatGPT. 

 

5) Iterative Testing and Refinement 
 

The prompt patterns undergo iterative testing and refinement. This process involves evaluating the 

effectiveness of each pattern in producing accurate, relevant, and useful outputs, and making 
adjustments as necessary. 

 

6) Categorization and Finalization 
 

Finally, the prompt patterns are categorized based on their application areas within finance. The 
categorization aids in the easy identification and application of patterns for relevant financial tasks. 
 

This methodology provides a structured and rigorous approach to developing prompt patterns,  

ensuring that they are not only theoretically sound but also practically viable for financial 
applications using ChatGPT. 

 

3. PROMPT PATTERNS FOR FINANCE 
 

Prompt Pattern 1: Financial Market Analysis 
 

 Intent and Context: This prompt pattern is designed to extract and analyze real-time 

data from financial markets, focusing on trends, stock performances, and market 
sentiments. It's intended for financial analysts and investors seeking quick insights into 

market dynamics. 

 Motivation: The fast-paced nature of financial markets requires prompt and accurate 

analysis to inform investment decisions. This pattern aims to provide rapid, data-driven 
insights to enhance investment strategies and risk management. 

 Structure and Key Ideas: The prompt should begin with a clear request for market 

analysis, specify the type of data needed (e.g., stock performance, market trends), and the 

timeframe for analysis. Key ideas include data accuracy, trend analysis, and actionable 
insights. 

 Example Implementation: "Analyze the current trends in the NASDAQ for the past 

week, focusing on tech stocks. Highlight significant movements and potential impacts 

on future market performance." 

 Consequences: This pattern facilitates quick decision-making based on market analysis. 

However, reliance on AI for financial insights may overlook nuanced, non-quantifiable 
market factors and could lead to over-reliance on algorithmic predictions. 

 

Prompt Pattern 2: Risk Assessment for Investment Portfolios 
 

 Intent and Context: Aimed at financial advisors and portfolio managers, this pattern 

evaluates investment risks in portfolios, considering market volatility, asset 



82                                        Computer Science & Information Technology (CS & IT) 

diversification, and economic indicators. 

 Motivation: Effective risk management is crucial for maintaining a balanced investment 
portfolio. This pattern assists in identifying potential risks and suggesting mitigation 

strategies. 

 

 Structure and Key Ideas: The prompt should detail the portfolio components, ask for a 

risk assessment, and request recommendations for risk mitigation. It should include 
diversification analysis, volatility assessments, and economic impact considerations. 

 Example Implementation: "Assess the risk profile of a diversified portfolio containing 

stocks, bonds, and real estate investments, considering current market volatility and 

economic forecasts. Suggest strategies to mitigate identified risks." 

 Consequences: This pattern enables informed risk management decisions. However, it 
might not account for unforeseen market events and personal investor preferences, 

potentially leading to generalized recommendations. 
 

Prompt Pattern 3: Financial Product Recommendation 
 

 Intent and Context: This pattern is for personal financial advisors and retail bankers to 

recommend financial products (like loans, savings accounts, insurance) to clients based 
on their financial goals and profiles. 

 Motivation: Personalizing financial product recommendations enhances customer 

satisfaction and retention. The prompt aims to tailor recommendations to individual 

client needs. 

 Structure and Key Ideas: The prompt should include the client's financial profile 

(income, goals, risk tolerance) and request specific product recommendations. Key 
ideas include personalization, suitability, and long-term financial planning. 

 Example Implementation: "Given a client with a moderate risk tolerance, annual 

income of $75,000, and a goal to buy a home in 5 years, recommend suitable savings 

and investment products." 

 Consequences: Personalized product recommendations can improve client relationships 
and financial planning. However, it may not always capture the full complexity of a 

client's financial situation or changing market conditions. 

 

Prompt Pattern 4: Cash Flow Analysis for Businesses 
 

 Intent and Context: This pattern is designed for financial analysts and business owners 

to analyze and forecast business cash flow, crucial for financial planning and stability. 

 Motivation: Understanding cash flow is essential for businesses to manage their 

finances effectively, plan for future investments, and avoid liquidity issues. 

 Structure and Key Ideas: The prompt should include a request for cash flow analysis, 
specifying the time period and financial data. Key ideas include income and expense 

analysis, liquidity assessment, and future cash flow projections. 

 Example Implementation: "Analyze the quarterly cash flow for XYZ Corporation, 

identifying major sources of income and expenses, and project the cash flow for the next 

quarter." 

 Consequences: This pattern aids in financial planning and identifying potential cash 

flow issues. However, predictions may not account for unexpected financial events or 
market shifts. 
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Prompt Pattern 5: Compliance Check for Financial Regulations 
 

 Intent and Context: Aimed at compliance officers and financial institutions, this pattern 

assesses compliance with financial regulations and laws. 

 Motivation: Ensuring regulatory compliance is critical for financial institutions to avoid 

legal repercussions and maintain operational integrity. 

 Structure and Key Ideas: The prompt should request an assessment of specific financial 

activities or policies against relevant regulations. Key ideas include legal compliance, 
risk identification, and regulatory updates. 

 Example Implementation: "Review the current investment policies of ABC Bank to 

ensure compliance with the latest SEC regulations and identify any areas of potential 

non- compliance." 

 Consequences: This pattern supports regulatory compliance but may not capture the full 

complexity of legal interpretations or newly enacted regulations. 

 

Prompt Pattern 6: Economic Impact Analysis 
 

 Intent and Context: This pattern is for economists and policy makers to analyze the 
impact of economic policies or events on different sectors or the overall economy. 

 Motivation: Understanding the potential impact of economic decisions is crucial 

for effective policy-making and economic forecasting. 

 Structure and Key Ideas: The prompt should request an analysis of a specific economic 

policy or event, focusing on its impact on various economic indicators. Key ideas 

include economic forecasting, sectoral analysis, and policy evaluation. 

 Example Implementation: "Evaluate the potential impact of the proposed tax reform on 

the manufacturing sector and overall economic growth." 

 Consequences: Provides insights for policy-making, but may not account for all 

variables and unforeseen economic shifts. 

 

Prompt Pattern 7: Credit Risk Assessment for Lending 
 

 Intent and Context: Designed for credit analysts and lenders, this pattern assesses the 

credit risk of individuals or businesses applying for loans. 

 Motivation: Accurate credit risk assessment is essential for lenders to make informed 

lending decisions and minimize default risks. 

 Structure and Key Ideas: The prompt should request an evaluation of credit risk based 

on financial data and credit history. Key ideas include creditworthiness analysis, risk 

scoring, and default probability assessment. 

 Example Implementation: "Assess the credit risk of John Doe, considering his credit 
history, current income, and existing debts, for a potential home loan." 

 Consequences: Facilitates informed lending decisions but may overlook qualitative 

factors and personal circumstances. 
 

Prompt Pattern 8: Investment Portfolio Optimization 
 

 Intent and Context: This pattern is for financial advisors and individual investors 

focusing on optimizing investment portfolios for maximum return and minimal risk. 

 Motivation: Effective portfolio optimization enhances investment performance and 
aligns with individual risk preferences and financial goals. 
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 Structure and Key Ideas: The prompt should include a request for portfolio optimization, 

detailing current investments, risk tolerance, and investment goals. Key ideas include 
asset allocation, risk-reward balance, and long-term growth. 

 Example Implementation: "Optimize the investment portfolio of Ms. Smith, which 

currently includes stocks, bonds, and ETFs, to align with her low-risk tolerance and 

retirement goal in 10 years." 

 Consequences: Aids in strategic investment planning but may not fully account for 

market volatility or future financial changes. 
 

Prompt Pattern 9: Financial Fraud Detection 
 

 Intent and Context: Targeted at fraud analysts and financial institutions, this pattern 

aims to detect and analyze potential financial fraud activities. 

 Motivation: Detecting financial fraud is crucial for protecting financial assets and 
maintaining the integrity of financial systems. 

 Structure and Key Ideas: The prompt should request an analysis of financial 

transactions to identify unusual patterns or discrepancies indicative of fraud. Key ideas 

include pattern recognition, anomaly detection, and transaction analysis. 

 Example Implementation: "Analyze the recent transactions of account number 12345 
for any irregular patterns or activities that might indicate fraudulent behavior." 

 Consequences: Enhances fraud detection capabilities, but may generate false positives 

or miss sophisticated fraud schemes. 

 

Prompt Pattern 10: Mergers and Acquisitions (M&A) Analysis 
 

 Intent and Context: For investment bankers and corporate strategists, this pattern 

evaluates the feasibility and potential impacts of mergers and acquisitions. 

 Motivation: M&A analysis is key for making informed decisions on corporate growth 

strategies and assessing potential synergies or risks associated with mergers and 

acquisitions. 

 Structure and Key Ideas: The prompt should request an evaluation of a proposed M&A, 
considering financials, market position, and potential synergies. Key ideas include 

strategic fit analysis, financial impact assessment, and market analysis. 

 Example Implementation: "Evaluate the proposed acquisition of Company A by 

Company B, focusing on the financial benefits, market share expansion, and potential 
synergies." 

 Consequences: Provides insights for strategic decisions, but may not fully capture 

cultural integration challenges or long-term market shifts. 
 

4. RELATED WORK 
 

The exploration of prompt patterns in finance utilizing Large Language Models (LLMs) like Chat 

GPT intersects with several areas of ongoing research and development. This section reviews 
related works that contribute to our understanding and application of LLMs in finance, focusing 

on AI in financial analysis, prompt engineering, and the evolving role of AI in decision-making 

processes. 
 

Several studies have delved into the application of AI in financial analytics. These works explore 

how machine learning models, including LLMs, are used for predicting market trends, analyzing 
stock performance, and risk management. Notable research includes the use of neural networks 



         Computer Science & Information Technology (CS & IT)                                      85 

for stock price prediction and the application of AI in identifying market inefficiencies. These 
studies lay the groundwork for understanding how LLMs, through specific prompt patterns, can 

enhance financial analytics [7]. 

 

Prompt engineering as a field of study is relatively new but rapidly gaining attention. Research in 
this area focuses on how different prompt structures can influence the performance of AI models 

in various tasks. There are studies that specifically address the optimization of prompts for 

improved accuracy and context-relevant responses in LLMs. This research is crucial for 
understanding how to effectively design prompts for complex financial tasks [8]. 

 

The use of AI in risk assessment and regulatory compliance in finance is another key area of 
research. These works explore automated systems for evaluating credit risk, detecting fraudulent 

transactions, and ensuring compliance with financial regulations. The incorporation of LLMs in 

these areas presents new opportunities and challenges, as highlighted in recent studies [9]. 

 
A growing body of work is examining the role of AI in supporting decision-making in finance. 

This includes studies on AI-assisted investment strategies, portfolio optimization, and economic 

impact analysis. These works not only demonstrate the potential of AI in enhancing decision- 
making processes but also raise important questions about the limitations and ethical 

considerations of relying on AI for financial decisions [10]. 

 
Lastly, there are studies that specifically address the evolution and application of LLMs like 

ChatGPT in the financial sector. These works examine the capabilities of LLMs in processing 

financial language, understanding complex economic contexts, and interacting with users in the 

finance domain. They provide insights into the current state and future potential of LLMs in 
transforming financial services and operations [11]. 

 

5. CONCLUSIONS 
 

This paper has systematically explored the integration of ChatGPT and its prompt engineering 

capabilities within the realm of financial tasks. Through the development and analysis of ten 

specific prompt patterns, we have demonstrated how Large Language Models (LLMs) like 

ChatGPT can be tailored to address diverse and complex challenges in the finance sector. Our 
research underscores the transformative potential of AI in financial analysis, risk assessment, 

decision-making, and compliance monitoring. 

 
The prompt patterns presented offer a blueprint for leveraging ChatGPT in various finance-related 

applications, ranging from market analysis to fraud detection. These patterns serve not only to 

enhance efficiency and accuracy but also to provide deeper insights into financial data and trends. 

The study also acknowledges the limitations inherent in current LLMs, such as potential biases,  
the need for continual updates, and the challenges in interpreting complex, nuanced financial 

scenarios. 

 
Looking forward, several avenues for future research and development emerge from our study: 

 

 Advanced Prompt Refinement: Further research can explore more sophisticated prompt 

engineering techniques, including the use of dynamic prompts that adapt to changing 
financial environments and data. 

 Interdisciplinary Approaches: Combining financial expertise with AI and linguistic 

analysis can lead to more nuanced and contextually aware prompt patterns. 

 Ethical and Regulatory Considerations: As LLMs become more integral to financial 
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decision-making, addressing ethical concerns and ensuring regulatory compliance will 
be critical. Future work should focus on developing guidelines and frameworks for 

responsible AI use in finance. 

 Integration with Other AI Technologies: Exploring the synergy between ChatGPT and 

other AI technologies, such as predictive analytics and machine learning models, can 

enhance the overall effectiveness and scope of financial applications. 

 Real-World Testing and Validation: Implementing the developed prompt patterns in 
real- world scenarios and conducting extensive testing will be essential to validate their 

effectiveness and to refine their design based on practical feedback and outcomes. 

 Long-Term Impact Studies: Researching the long-term impacts of AI integration in 

finance, both positive and potentially negative, will provide valuable insights for 
sustainable and beneficial AI use. 

 

In conclusion, our study contributes to the growing body of knowledge on the application of LLMs 
in finance. By exploring the potential of ChatGPT in this domain, we open doors to 

new possibilities and invite further exploration and innovation in the intersection of AI and 

finance. The journey of integrating AI into the fabric of financial decision-making and analysis is 

just beginning, and the future holds promising advancements and challenges that will 
undoubtedly reshape the financial landscape. 
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