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ABSTRACT

This paper presents an Al-driven mobile application that helps students discover
personalized opportunities, such as internships, volunteering, activism events, and mental
health resources [1]. Students often face challenges navigating a vast humber of options,
further complicated by discrimination and eligibility barriers. The app uses Firebase for
data storage and authentication, and ChatGPT to evaluate and rank opportunities based on
user-provided profile data using a structured scoring prompt [7]. Two experiments were
conducted to test its effectiveness. The first assessed the consistency of Al rankings using
prompts of varying specificity, showing that a clear and hyper-structured prompt produced
the most reliable results, with up to 74.4% consistency. The second experiment tested
different search keywords for locating mental health providers, revealing that specific
terms like “mental health” returned more accurate results than general terms like
“therapy.” These findings support the app’s ability to deliver consistent, personalized, and
relevant recommendations, ultimately simplifying the process for students to access
valuable opportunities.
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1. INTRODUCTION

Many students struggle with finding help and figuring out what they want to do. Internships,
volunteering, activism, and mental health are all very important aspects to one’s academic career.
Participating in these opportunities not only helps them gain valuable experiences but also helps
build their identity and resume. There is such a wide range, and it is often difficult for students to
find the right ones for them. Their own gender, race, and beliefs can make it even hard to find
certain opportunities that they want. According to Pew Research Center studies, nearly half of
Black men and over a third of Black women report experiencing discrimination or unfair
treatment by employers due to their race [2]. Additionally, about 42% of working women say
they have faced discrimination on the job because of their gender, including unequal pay and
being passed over for important assignments. Discrimination makes finding these opportunities
even harder, and students often go through a lot of trouble in order to find the right ones for them
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This project is built upon existing research aimed at improving Al consistency and reducing bias.
Cao et al. (2024) attempted to reduce prompt bias by subtracting inherent biases detected from
blank prompts, but their method struggled with open-ended tasks [8]. Our approach improves this
by using a structured scoring prompt to minimize open-ended interpretation. Wei et al. (2022)
used Chain-of-Thought prompting to guide Al reasoning step by step, which helped in factual
tasks but not in subjective ranking. Instead, our project uses a weighted scoring system to make
the Al score specific criteria, reducing ambiguity. Tang et al. (2023) addressed inconsistent Al
rankings by averaging results from multiple shuffled runs, but their method was time-consuming.
Our app achieves similar consistency by using a single, fixed scoring prompt that assigns numeric
scores to each item, making the process faster and more efficient. These improvements enable
our app to deliver more consistent and personalized results without requiring repeated model calls.
An Al-powered app that provides opportunities perfectly tailored based on the student’s
information. By using Al, the students would be saving a lot of time and trouble as all they have
to do is plug in their information. It will find opportunities that match the students’needs, and
they no longer have to worry about discrimination or inability. Using Al to help filter through the
opportunities not only saves time but could also potentially discover opportunities the student has
never known before. LinkedIn’s 2023-2024 data reports showed that their Al job recommender
has helped increase job application rates by nearly 30-40% compared to non-personalized
searches. This shows how accurate and helpful Al can be when it comes to finding personalized
opportunities that match the person’s needs.

In experiment 1, we tested the Al’s inconsistency with ranking opportunities by changing the
scoring prompt complexity from simple to hyper-specific. Keeping the same user data, each
prompt was run multiple times to compare the overlap in the top results. The key finding was that
the most structured prompt with the clearest directions produced the highest consistency. More
details did not always mean more consistent, and clarity in the prompt matter actually more.
Experiment 2 tested with the accuracy of mental health provider results from Google Maps by
using different keywords. The key finding was that the most specific and less broad keywords
such as “mental health” and “psychologist” had the most consistency. How specific the keyword
greatly affected the accuracy of the search engine. Both experiments showed that clarity and
specificity had the biggest effect on reliable and consistent outputs.

2. CHALLENGES
In order to build the project, a few challenges have been identified as follows.
2.1. Structured Prompts for Consistent Al Ranking

The Al algorithm prompt is a major component of the program. The prompt has to be just right or
else the Al would often give inaccurate rankings based on its own bias. ChatGPT has its own
randomness and bias that make creating consistent and accurate rankings of opportunities
difficult. To solve these issues, | could create a very specific algorithmic prompt rather than just
feeding it the opportunities and telling it to rank it based on the user’s information. By creating
things such as a point system that assigns points to how well each aspect of the opportunity
matches with the user’s information, it takes out much of the AI’s bias and creates much more
consistent lists.

2.2. Improving Matches with Detailed Input Data

Information is also another major component of the program. There needs to be enough
information from both the opportunities and the user or else the Al could struggle with finding



Computer Science & Information Technology (CS & IT) 147

accurate opportunities and could show unrelated results. To fix this problem, I could create a very
detailed page where the user can put in a lot of their personal information. The more information
the Al has, the more accurate it can be in finding perfect matching opportunities for that student.
The opportunities could also be more detailed and we could create multiple fields for each
opportunity so the Al will have a deeper understanding of that opportunity and thus provide more
accurate results.

2.3. Optimizing Performance with Async Scoring and APl Management

Another core component of the program is the database. The program needed to handle real-time
data while also integrating the Al’s algorithmic scoring system. Each opportunity required an
API call to generate a personalized score based on the user’s profile. This can create big
performance issues and long wait times. To solve this, | could use the async, future, and await
features to handle asynchronous operations in an efficient manner. The Al’s scoring system could
also be handled sequentially so we can avoid API rate limits, which would create a much more
smooth experience.

3. SOLUTION

The system is structured around three core components: the user profile, the database, and the Al-
based opportunity ranking system. The application begins by allowing users to log in or sign up
through Firebase Authentication [9]. Once authenticated, users are directed to a profile page
where they provide detailed personal information such as gender, ethnicity, grade level, location,
academic interests, and hobbies. This information is stored securely in Firebase Firestore.

The second component, the database, houses all opportunity listings, including internships,
volunteering events, activism programs, and mental health resources. Each entry is organized
with relevant attributes such as eligibility criteria, location, subject focus, and type.

The final component is the Al ranking engine, which utilizes ChatGPT [10]. When a user visits a
specific opportunity category, the system retrieves all relevant opportunities and combines them
with the user’s profile. A custom scoring prompt is sent to ChatGPT, which evaluates how well
each opportunity aligns with the user’s data. It assigns a compatibility score from 0 to 1, allowing
the app to rank and display the results accordingly.

This entire workflow is built using Flutter for the frontend, Firebase for data handling and user
management, and OpenAl’s ChatGPT for Al processing [11]. The seamless integration of these
technologies enables a smooth and personalized experience for users, helping them discover the
most relevant and meaningful opportunities efficiently.
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Figure 1. Overview of the solution

The Al-based recommendation system is responsible for evaluating and ranking all available
opportunities based on each user’s profile. This component uses ChatGPT to analyze how well
each opportunity aligns with the user's background, interests, and eligibility. A customized
scoring prompt is used to reduce Al bias and improve consistency, assigning a score between 0
and 1 for each opportunity [12]. These scores determine the ranking order shown in the app. To
ensure accuracy, the Al prompt is designed with a fixed structure that evaluates key criteria such
as subject fit, location, and user qualifications using a weighted system.
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Figure 2. Screenshot of internship opportunities
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Figure 3. Screenshot of code 1

The getMatchScore function is triggered whenever the user navigates to a category page such as
internships, volunteering, activism, or mental health resources. This function sends a structured
prompt to ChatGPT that includes the user's profile data along with all available opportunities.
The prompt instructs the Al to evaluate each opportunity based on four main criteria: user
eligibility, interests, skills, and location.

Within the function, a variable called prompt is created, containing a scoring guide that clearly
outlines how the Al should assign scores. Each opportunity is processed individually, and the Al
returns a compatibility score ranging from 0 to 1. These scores are stored in a variable called
score.

The scores are then used to sort the list of opportunities in descending order, ensuring that the
most relevant results are shown first. This process minimizes randomness and enhances the
accuracy of recommendations by providing consistent, structured input to the Al.

The user profile component is responsible for collecting and storing personal information that is
essential for generating accurate recommendations. This includes data such as age, gender,
ethnicity, location, academic interests, and hobbies. The component uses multiple text controllers
within the Flutter framework to capture user input. Once the user submits their information, the
data is uploaded to Firebase Firestore, where it becomes accessible for the Al sorting algorithm.
This structured and detailed data allows the Al to make more informed and relevant matches
when ranking opportunities.
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Figure 4. Screenshot of profile page

Figure 5. Screenshot of code 2

The user profile data is saved through a function called _saveProfile, which is executed when the
user taps the “Save” button after completing their profile. Each text input field is linked to a
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controller that retrieves the user’s responses. The function collects these values and formats them
into a structured data object.

This object is then uploaded to Firebase Firestore, where it is stored under the authenticated
user’s unique ID. This stored profile becomes a key input for the Al recommendation engine,
ensuring that every opportunity is evaluated based on accurate and personalized user data. By
using Firebase’s real-time database and Flutter’s state management, the system ensures seamless
data handling and updates [13].

The database component serves as the central repository for all user profiles and opportunity
listings, including internships, volunteering, activism events, and mental health resources. This
component is built using Firebase Firestore, which allows for scalable, real-time data storage and
retrieval. Each opportunity entry contains detailed fields such as eligibility criteria, subject focus,
location, and type. These structured entries make it easier for the Al to evaluate and score
opportunities accurately. The database also supports API calls from the Al sorting function,
enabling personalized opportunity matching for each user.

Figure 6. Screenshot of code 3

The database functionality is triggered when the app loads a specific opportunity category page.
At that point, the system fetches all relevant documents from the appropriate Firestore collection
such as “volunteering” or “internships.” The data is stored in a temporary list called fetchedData,
which contains all available opportunities for that category.

The program then loops through each entry in fetchedData and uses the getMatchScore function
to evaluate its compatibility with the user’s stored profile. Each opportunity is assigned a numeric
score based on Al evaluation, and these scores are used to sort the results in descending order.
This ensures that users see the most relevant and personalized options first. By combining
asynchronous data fetching with Al-based scoring, the system delivers efficient, real-time
recommendations [15].

4. EXPERIMENT

4.1. Experiment 1

A potential blind spot in the program would be the Al’s consistency and accuracy. It is important
this works well because we need to ensure the user gets the best choices and rankings from their
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information. If it is inconsistent and the rankings are different every time, then that could cause
the user to struggle finding ones that are actually tailored to them.

We can run an experiment using 4 different versions of the scoring prompt, each increasing in
structure and details. These include: a very general prompt, a basic structured prompt, a
moderately detailed prompt, and a hyper specific prompt. The independent variable is the level of
prompt complexity, and the dependent variable is the consistency of results across multiple runs.
I will use the same user profile and opportunities, running each prompt 4-5 times, and then
comparing the average percentage overlap of the top 5 opportunities from each run to see how
consistent it is. This helps us get a deep idea of what helps reduce bias and randomness from the
Al model.

Avg. Overlap % vs. Prompt (Least to most detailed)
75

Aug. Overlap %

55 -

1 2 3

Prompt (Least to most detailed)

Figure 7. Figure of experiment 1

The mean of the overlap percentage across all prompts is 68.6%, and the median is 70%. The
lowest value is 60% from prompt 3, and the highest is 74.4% from prompt 4. What was
surprising was the huge drop in consistency for prompt 3 despite it being more specific than 1
and 2. This suggests that introducing extra details and complexity without clarifying with exact
instructions (such as a grading scale that was added in prompt 4), may have confused the model
and caused more variability in its results. More detail isn’ t always better and what matters more
is how clearly that detail is presented. The biggest effect on my results came from how precisely
and consistently the prompt given to ChatGPT helped guide the scoring process, and not just how
much more details was added to the prompt.

4.2. Experiment 2

Another potential blind spot is the accuracy of the mental health map. It needs to be reliable in
providing the user with actual mental health providers and not give back general doctors or just
random clinics.

We can run an experiment using different 4-5 different google map search keywords. These
keywords, “therapy”, “mental health”, “psychiatrist”, “counseling”, and “psychologist”, will
serve as the independent variable. 1 will collect the locations from each keyword and evaluate
whether each result is actually relevant. The dependent variable will be the percentage of results
that were actually related to mental health. This helps us determine which keyword is most
accurate and consistent in giving the user the actual mental health resources they need.
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Figure 8. Figure of experiment 2

The mean of the relevance scores is 82%, and the median is 80. The lowest value is 60% for the
therapy keyword, and highest is mental health with 100% relevancy. The most surprising result
was how poorly the keyword “therapy” performed. This is probably because it is a very broad
term that could relate to many things such as sports and just general health. The biggest effect on
my results came from how detailed the terms were. More specific terms like “mental health” and
“psychologist” came back with highly relevant results compared to the broader terms. The more
specific the keyword is, the less likely for random clinics unrelated to mental health to show up.

5. RELATED WORK

Cao et al. (2024) made a method to reduce bias in Al outputs by identifying and subtracting bias
linked to prompt phrasing [4]. They analyze how the model responds to a “blank” prompt, or a
prompt that has major key words removed, to reveal its built in biases. They then subtract these
biases from the actual prompt embedding before generating a response. However, this method
works mainly for fact-based tasks and struggles with open-ended prompts. Our project improves
on this by using a hyper specific scoring prompt to reduce as much open-ended thinking as
possible in order to boost consistency.

Wei et al. (2022) used Chain-of-Thought prompting to reduce randomness in Al models [5]. By
making the model reason step-by-step through its own answers, it becomes more focused and less
likely to provide inconsistent answers. It improved reproducibility, but only in fact-based tasks
and not so much open-ended reasoning. Our project builds on this by using a hyper specific
weighted scoring system that makes the Al grade four criteria for each individual opportunity,
and then averages out the four scores to provide a final match score between 0 and 1. This tries to
reduce as much open-ended thinking as possible.

Tang et al. (2023) used permutation self-consistency to solve inconsistent ranking outputs of Al
models by shuffling and re-ranking the same list multiple times, then averaging the results to
create a ranking that was 7-18% more consistent [6]. A limitation of this method is that it requires
multiple model calls, making it time consuming as well as computationally expensive. Our app
improves on this by using a fixed weighted scoring prompt that assigns numeric scores to each
item based on consistent criteria. These scores are then averaged to make a more consistent final
ranking without having to go through multiple iterations.
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6. CONCLUSIONS

One limitation of the project is the randomness and inconsistency of ChatGPT’s outputs when
ranking the opportunities. Even when using a hyper specific prompt, we still only get around a 74%
consistency rate. This is because large language models like ChatGPT have built-in randomness
and biases that help it be more creative and understanding. If | had more time, | would
experiment more with ChatGPT’s API and prompts to try and reduce the randomness [14].
Things such as prompt chaining, where you extract keywords and features from each opportunity
and then send another prompt to grade those features, could potentially make it more accurate
and consistent. Running the Al multiple times, storing its rankings, and then averaging out the
scores could also potentially boost our consistent rate.

In conclusion, this app helps users find opportunities and mental health resources by using Al. It
allows users to make easier decisions without the frustration of having to look manually online.
By promoting this app, it can help save tons of effort for people while providing reliable and
personalized guidance.
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